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Executive Summary 
 
The goal of this project was to provide the City of Evanston with a statistically-backed 

recommendation for the placement of bicycle racks in strategic areas of interest, both satisfying the 

needs of Evanston residents and promoting bike ridership. Our client, Catherine Hurley, coordinates 

Sustainable Programs for the City of Evanston. Given a redistributive surplus of racks and a total 

capacity of over 900 parking spaces, Catherine tasked us with creating a rack layout that would meet 

the demand for bikes and thereby reduce bike parking at parking meters, trees, and other 

unconventional and inconvenient parking locations in Evanston. We were instructed to focus our 

efforts outside of the downtown area, as Catherine felt that any recommended changes would be 

easier to implement in areas with fewer stakeholders. 

Our approach primarily consisted of data collection at a sample of existing rack sites and creating a 

regression model, which we then applied to a new set of locations for bike racks recommended by 

bike enthusiasts and experts whom we surveyed. This model would test for the feasibility of placing a 

rack at a specific location. In order to do this, we first segmented the users into three groups, which 

included bicyclists who cycled for recreational, commuting, or commercial purposes. We then created 

four categorical variables (Recreation, Jobs, Transportation, and Commercial) in an attempt to 

describe each bike rack location. We found various data from the U.S. census and City of Evanston 

commerce webpage that helped us to numerically describe these categories. 

Next, we added a binary variable indicating whether the observation was from the week or weekend; 

this variable was then interacted with all the initial variables so as to incorporate the effects caused by 

the varying of the day of the week. We found the ideal subset of predictors to be included in the model 

through observing the lowest p-values and narrowing the predictors down to the most sensible and 

statistically sound model. Finally, we applied the model to the set of locations provided by our survey, 

and found a list of locations that we ranked according to the greatest need for bike parking spaces. 

The results of the top 13 significant locations are summarized in Figure 1 below.  

 

Location
Parking Spaces 

Required

Sherman and Main 20.4

Chicago, Main and South 20.4

Main and Chicago 20.4

Chicago and Dempster 20.4

Noyes, Maple and Sherman 19.4

Noyes and Sherman 18.4

Foster and Maple 18.4

Fraiche Bakery 17.7

Ryan Field 4.5

Simpson and Dewey 4.5

Starbucks on Central 4.5

Starbucks at Sam's Club 4.5

Food 4 Less 4.5  
Figure 1: Distribution Results 



2 

Introduction 
 

The City of Evanston is perhaps the most bike-friendly city in the Chicagoland area; however, with this 

reputation has come an increase in bike ridership. Evanston currently has space for approximately 

450 bicycles to be parked in the downtown area at any time, with approximately another 500 spaces 

available in the rest of Evanston. Despite the availability of designated bike parking in many places, 

many riders still choose to lock their bikes to trees, parking meters, or light poles. This decision is 

often made out of convenience: cyclists can ride up to their destination without having to worry about 

the availability of designated bike parking.  

 

These alternative parking choices create two main problems. Firstly, bikes in unofficial parking spaces 

create a poor aesthetic; the City of Evanston has gone to a lot of trouble to create a beautiful 

downtown area and this beauty is marred by ubiquitous bicycle parking. Secondly, many sidewalks, 

especially those in the downtown area, are narrow. Bicycles parked in these areas create tripping 

hazards, endangering the many pedestrians sharing those sidewalks with the bicycles. These 

complaints have been voiced at town hall meetings, with both being supported by a significant 

minority of Evanston’s population. Because the City of Evanston does not wish to solve this problem 

simply by more heavily enforcing bicycle parking restrictions, an alternate solution is needed. 

 

The city would like to create a bicycle parking plan for the Evanston area which better meets the 

needs of the bicycle community while balancing the needs of both the city and the other community 

residents. Specifically, the city wanted to better understand additional locations where bicycle parking 

would be feasible, and increase the total potential parking capacity using existing city property and 

right of way. In addition, the parking plan must take into consideration the preferences and habits of 

the existing bicycle community to ensure that additional bike parking will be used.  

 

The city is currently in the process of replacing the bicycle parking in downtown Evanston with newer 

racks, which means that the older racks can be moved to other locations in the city. It is estimated 

that this process will allow approximately 400 bicycle parking spaces to be moved. While much 

improvement can be made in the downtown area, our team was instructed to focus on areas outside 

of downtown Evanston as the city felt that it would be easier to implement changes in areas with fewer 

stakeholders.  

 

The city’s ultimate goal is to encourage more people to ride their bicycles in Evanston without 

alienating other citizens of Evanston. Our team was tasked with determining the best way to do this 

given current resident needs and all available resources. 
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Assumptions 
 
For a feasible model and analysis, several assumptions were necessary to proceed. Our team’s 

assumptions were as follows:  

 

 Jobs data was taken from a 2010 census feature called OnTheMap which gave the number of 

jobs located on individual blocks in Evanston. This data was given in the form of different sized 

circles that corresponded to one of five buckets of job totals as can be seen in the example 

below. We recorded the jobs for a location as the sum of the jobs on the four blocks adjacent 

to the bike rack location. The jobs on a block were on a scale from 0-5 according to the bucket 

system given by the census. 

 Commercial data was a subjective rating on a scale from 1-10 based on the quantity of shops 

in the area. The highly subjective nature of this data led to its removal from the model in 

addition to the problem of multicollinearity discussed in the results section. 

 Transportation data is a binary indicator for any location that is within one block of a 

transportation hub which includes CTA ‘L’ and Metra stops. 

 Recreation data is a binary indicator for any location that is within a park or beach. 

 The bicycle racks within the Northshore Hospital were included in data collection despite not 

being City of Evanston racks. This was done because these racks are being used in a high job 

density area resulting in the city rack utilization nearby not reflecting that factor. 
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Solution Methodology 

 
The first step for this project was to collect all data we believed to be relevant for the purpose of 

understanding cyclist behavior in Evanston. We began this process by designing a survey to be 

distributed to the Evanston Bicycle Club, a group we determined to be the most likely to be aware of 

the various needs of bicyclists around the city. Concurrently, we were seeking city data in order to find 

the reasons that people bike where they do. The main reasons that we found were job locations, 

commercial locations, recreational areas, and transportation hubs. These data groups would go on to 

be the back bone of our modeling and analysis. 

 

The initial attempt to create a model for where to deploy bike racks was a facility location optimization 

model. We planned to use the results of our survey as demand data that could be plugged into AMPL 

with some of the other factors listed above. By setting the proper constraints and objective function we 

would obtain a model that would give the optimal set of locations for the new racks. However, we 

found many problems with this technique. The most troubling issue was the lack of useable responses 

to the survey. We only received sixteen total responses and many included locations that were in the 

downtown area and therefore not relevant to our project. Without the demand component, an 

optimization model for facility location would not be able to deliver the desired results. Additionally, 

data on the city is difficult to find at the micro level that we need for deploying a single bike rack. At 

this point we needed a new approach that could overcome these issues. 

 

We considered a second approach this problem, which involved the use of mode selection and 

assigning various weights to the four categories: Recreation, Commercial, Jobs, and Transportation. 

This statistical method would help us to calculate the probability that any given bicyclist in Evanston 

who resides in a certain area would fall into one of these categories, and thereby allow us to assess 

the feasibility of including a bicycle rack in a given area. 

 

For our third and current method we shifted our model from one that would give locations to one that 

would be able to rank locations on a score of how well it would support a bike rack. To achieve this we 

would use regression and data collection from existing bike racks. We created a path through 

Evanston that included a stratified non-random sample of bike racks. The path was stratified on the 

four categories that we had data on for the model— Jobs, Commercial, Recreation, and 

Transportation. We ensured that the racks we were collecting data on represented all combinations of 

the above characteristics. The racks were observed four times each, twice on weekdays and twice on 

weekends, always when the weather was conducive to biking, because we wanted to ensure that 

were observing ideal conditions. 

 

We collected data for a stratified sample of existing bike racks throughout the city (see Appendix A: 

Training Data Set). We will refer to this as the “training data set,” because it is the data upon which 

the regression model will be created and later fitted to the new data that we collected from our 

surveys. The column Rack_ID represents the various racks that were sampled and the data sets for 

each rack are organized in groups of four. For example, racks with ID 101 thru 104 all represent data 

that was collected from a single rack, while racks with ID 201 thru 204 represent data collected from 
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another rack. Rack 101 and 104 represent weekday observations, and rack 102 and 103 represent 

weekend observations. This pattern is repeated throughout the rest of the data.  

 

The Jobs column refers to data collected from the U.S. government census on jobs per square mile 

within Evanston, and was ranked on a scale from 0 to 20, based on the analysis results on the U.S. 

government census website. Figure 2 was extracted from the census website, OnTheMap, and 

details the labor area profile of Evanston in terms of jobs per square mile. The five different shades of 

blue each correspond to a range of jobs per square mile, which we assigned value from 1 to 5. We 

ranked the job categorical variable by summing the color values in the four blocks around any 

specified bike location. 

 

 
Figure 2: OnTheMap Demographic Jobs Distribution 

 

The Commercial column refers to data on the amount of commerce in the surrounding area of a 

bicycle rack location, and was calculated using official commerce data found on the City of Evanston 

website. This data was standardized and transformed into a scale from 0 to 10. The Recreation 

column is a binary representation of whether or not a park, beach, or sport facility exists within a 

square block of the suggested bicycle rack location. Finally, the Transportation column refers to a 

binary representation of whether or not an El stop or Metra station was located within a square block 

of the suggested bicycle rack location (see Appendix B: Coded Location Full Data). The TransWeek, 

JobsWeek, CommWeek, and RecWeek columns allows for differentiation between weekend and weekday 

data samples. The Bikes column shows the recommended number of bicycle parking slots that are 

recommended for that unique location. The Week column indicates that whether or not the 

observation was made on a weekday (0 for weekend, 1 for weekday). 

 

With the data collection complete we were able to begin the regression analysis using the location 

designated by our survey (see Appendix C: Survey Results). We considered two options for the 

analysis, linear and logistic regression. With linear regression the goal would be to create a model that 

predicted the number of bicycles a rack would receive in ideal conditions. Logistic regression requires 
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a subjective determination of a successful bike rack and then forms a model that gives the probability 

a new rack is successful. The drawback of the linear system is that it gives excessive weight to outlier 

locations. However, there are many drawbacks to the logistic system. The decision for what makes a 

current rack successful is completely arbitrary and a logistic regression does not consider racks that 

are close to successful nor give more weight to racks with higher bike demand. Additionally when both 

models were applied the variables were found to be more statistically significant in the linear format. 

 

The next stage in creating the model was refinement to the optimal model. The initial results of the 

linear regression model were not very accurate. This was solved by the addition of a binary variable 

indicating whether the observation was from a weekday or weekend. The addition of this variable 

doubled the validity of the model as there were clear differences in bicycling behavior depending on 

the day of the week. This variable was then interacted with all the initial variables so as to incorporate 

the differing effects that day of the week had on the different variables as some increased while others 

decreased. The final step was finding the ideal subset of all these variables in terms of the R2 result of 

the regression. 

 

The two generic techniques for finding the optimal subset of variables in linear regression are 

Stepwise and Best Subsets regression. The flaw with these techniques is they tend to be overly 

conservative and only include variables that pass a high threshold. Instead we opted to manually add 

and remove variables from the model that intuitively made sense while considering other factors such 

as multicollinearity by monitoring the variance inflation factors of all the variables. 

 

The complete model could now be applied to potential locations for bike racks. To collect these 

locations we took suggestions from the survey, suggestions given from our client, and locations that 

we had observed with an overflow bike parking problem during our data collection. The values of all of 

the variables in our final model were collected for all these locations and plugged in to the model. To 

collect these values, we used maps and census data. We defined a potential location as recreation if 

it was located at a park or beach. Similarly, we defined a location as transportation if it was a block or 

less away from an El or Metra stop.  

 

We used census data to collect job and commercial information for each location, but it was found that 

the two correlated heavily, so commercial was discarded for the final model. The model gives two 

results, a weekend and a weekday. The final score given for each location is the maximum of these 

two as that represents our best estimate of the amount of bicycles to expect at a rack in that location 

given optimal conditions. By ranking these potential locations by the final score given from the model, 

we can list in order the highest priority locations for new bike racks. 
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Results and Analysis of Solution 
 
After the regression model created from the training set of data was complete, we applied the model 

to the new set of suggested locations to find how many bicycle racks are required at each location.  

The regression equation obtained was as follows: 

 

# of Bike Parking Spots = 0.761 + 1.680 Rec - 3.330 Week + 17.600 TransWeek + 0.673 JobsWeek 

S = 3.960 R2 = 74.2% R2 (adj) = 72.8% 

 

 

Table 1: Regression Output

Predictor Coefficient Standard Error T-statistic P-value VIF

Constant 0.761 0.718 1.06 0.293 N/A

Rec 1.683 1.005 1.68 0.098 1.172

Week -3.328 1.112 -2.99 0.004 1.578

TransWeek 17.589 1.539 11.43 0.000 1.321

JobsWeek 0.673 0.134 5.02 0.000 1.633  

 
The above model is the result of our manual addition and removal of variables. Table 1 shows that 

the recreation variable has a p-value of 0.098, which might have been rejected by an automated 

optimization technique. However, we intuitively see recreation as an important factor for predicting the 

success of a bike rack and our small sample size does not perfectly capture all trends. The TransWeek 

variable was the most impactful, by far. This is what we would expect, as we found that most bicyclists 

are those who ride to ‘L’ and Metra stops on weekdays. The JobsWeek variables was the most difficult 

to isolate. We encountered problems initially as there was a clear relationship between jobs and 

commercial activity. Outside downtown, the focus of our study, almost all jobs are those relating to 

commercial activity. Therefore, we only needed to include one of these variables in the model and it 

would reflect the other. Because the jobs data was more objective and localized than the commercial 

data, we selected it as the predictor for our model. These choices made our unique manual selection 

technique better than the automated regression method. 

 

We then fit only these predictors against the number of bikes that were observed at each location to 

obtain a regression model. The table below visually represents the p-values, t-critical values, and VIF 

values for each predictor as a result of this regression. A variance inflation factor (VIF) close to 1.0 

and not greater than 2 indicates that the predictor is not strongly influenced by multicollinearity, which 

is the case for all four predictors. We also observe a very high R2 adjusted coefficient of determination 

of 72.8%, which indicates that the model has strong predictive capability for future outcomes. 
 

An important aspect of predicting bike rack utilization is security of a location. We hoped to collect 

bicycle theft data for the entire city of Evanston and use this as a factor in our model. However, we 

were only able to get data from the Northwestern Police Department and not Evanston. We were 

therefore not able to include this data in the model. In its place we are able to list, as a warning to the 
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implementer of this plan, the locations in the city of Evanston that responders to our survey listed as 

insecure for locking their bicycle. 

 

 

Table 2: Data Coding

Location Jobs Rec Trans Weekday Weekend
Parking Spaces 

Required

Sherman and Main 8 0 1 20.401 0.761 20.4

Chicago, Main and South 8 0 1 20.401 0.761 20.4

Main and Chicago 8 0 1 20.401 0.761 20.4

Chicago and Dempster 8 0 1 20.401 0.761 20.4

Noyes, Maple and Sherman 4 1 1 19.391 2.444 19.4

Noyes and Sherman 5 0 1 18.381 0.761 18.4

Foster and Maple 5 0 1 18.381 0.761 18.4

Fraiche Bakery 4 0 1 17.708 0.761 17.7

Ryan Field 8 1 0 4.501 2.444 4.5

Simpson and Dewey 8 1 0 4.501 2.444 4.5

Starbucks on Central 8 1 0 4.501 2.444 4.5

Starbucks at Sam's Club 8 1 0 4.501 2.444 4.5

Food 4 Less 8 1 0 4.501 2.444 4.5  
 

 

After we refined our regression model, we applied it to the set of suggested locations, which we 

obtained through surveys. In order to accomplish this, we first ranked the categorical variables for 

each location (Jobs, Recreation, and Transportation) in the same manner that we ranked those for the 

original training data set.  

 

Table 2 represents the top 13 locations that resulted from our analysis, in order of greatest number of 

bike parking spaces required to least. The final score, marked as Parking Spaces Required, given for 

each location represents the maximum of weekend and weekday demand for bicycle parking spaces, 

and shows the best estimate of the amount of bicycles we expect at a rack in that location given 

optimal conditions. We ranked this list of suggested locations by order of the greatest number of bikes 

required in order to determine the highest priority locations for new bike racks. Furthermore, the 

model can be repeated in the same manner for future use in predicting the amount of bike parking 

demanded at a specific location. 
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Shortcomings and Future Considerations 
 

While we are confident in our model and its predicted results, it is not perfect. The adjusted R2 of our 

model is 72.8%, which means that our model accounts for 72.8% of the variability in bicycle parking 

patterns that we encountered during data collection. This means the model cannot explain 27.2% of 

the encountered variability. Given more time, we would have investigated two potential improvements 

to the model. The first would be to collect more data. We wanted to wait for optimal biking conditions 

before collecting our data, but the effect of this was that we only had a couple of weeks to collect data 

before we had to move into analysis. If we had collected more data, the effects of outlier data points 

on our model would have been diminished, and the model’s accuracy would have improved.  

 

We would recommend that if someone wished to improve upon this model in the future, that they 

collect more observations (weekday and weekend during the morning and afternoon time intervals) for 

each bike rack over the course of spring, summer, and fall, the times of year we expect people to 

most actively ride their bikes. In this manner, a stronger model can be achieved that will more 

accurately gauge the demand faced at a specific location. 

 

Additionally, we considered two locations, Ryan Field and Calvary Cemetery, which do not fall under 

jobs, commercial, recreation, or transportation. Developing additional variables for the model that 

helped to explain the bike demand for these two locations would have also helped the model’s overall 

accuracy. 

 

Next, we were unable to procure the bike theft location data for Evanston. As a result, we were unable 

to put safety into the model as a predictor of rack usage, and instead have flagged potential bike rack 

locations if survey respondents told us they did not feel comfortable riding their bike to that area. 

 

Finally, we considered approximately fifty locations in Evanston for new bike racks. While it was 

simply not feasible to consider every possible location, the model can be used in the future to 

examine the viability of other locations. If the job, transportation, and recreation values for a location 

can be determined, that location can be added to the model, where it will both predict the demand for 

that bike rack and allow the user to compare that demand to that of all the other locations in the 

model. Although not specifically considered in our analysis, downtown locations such as the Davis 

train station or EAC gym must be handled carefully, since adding additional racks in already saturated 

areas could create even greater demand for bike racks. In these cases, our model may be less faithful 

and more rigorous, manual observations and surveys could be necessary. 
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Appendix A: Training Data Set 
 

Rack_ID Jobs Comm Rec Trans Week Trans_Week Jobs_Week Comm_Week Rec_Week Bikes Recorded 

101 12 0 0 0 1 0 12 0 0 3 

102 12 0 0 0 0 0 0 0 0 0 

103 12 0 0 0 0 0 0 0 0 0 

104 12 0 0 0 1 0 12 0 0 4 

201 0 0 1 0 1 0 0 0 1 2 

202 0 0 1 0 0 0 0 0 0 5 

203 0 0 1 0 0 0 0 0 0 6 

204 0 0 1 0 1 0 0 0 1 1 

301 20 2 0 1 1 1 20 2 0 32 

302 20 2 0 1 0 0 0 0 0 1 

303 20 2 0 1 0 0 0 0 0 1 

304 20 2 0 1 1 1 20 2 0 29 

401 2 5 0 1 1 1 2 5 0 6 

402 2 5 0 1 0 0 0 0 0 0 

403 2 5 0 1 0 0 0 0 0 2 

404 2 5 0 1 1 1 2 5 0 4 

501 3 5 0 1 1 1 3 5 0 32 

502 3 5 0 1 0 0 0 0 0 3 

503 3 5 0 1 0 0 0 0 0 2 

504 3 5 0 1 1 1 3 5 0 35 

601 8 10 0 1 1 1 8 10 0 26 

602 8 10 0 1 0 0 0 0 0 2 

603 8 10 0 1 0 0 0 0 0 1 

604 8 10 0 1 1 1 8 10 0 20 

701 8 10 0 0 1 0 8 10 0 1 

702 8 10 0 0 0 0 0 0 0 1 

703 8 10 0 0 0 0 0 0 0 0 

704 8 10 0 0 1 0 8 10 0 1 

801 8 10 0 0 1 0 8 10 0 1 

802 8 10 0 0 0 0 0 0 0 0 

803 8 10 0 0 0 0 0 0 0 1 

804 8 10 0 0 1 0 8 10 0 2 

901 8 10 1 0 1 0 8 10 1 0 

902 8 10 1 0 0 0 0 0 0 2 

903 8 10 1 0 0 0 0 0 0 1 

904 8 10 1 0 1 0 8 10 1 1 

1001 4 8 0 0 1 0 4 8 0 0 

1002 4 8 0 0 0 0 0 0 0 1 

1003 4 8 0 0 0 0 0 0 0 1 

1004 4 8 0 0 1 0 4 8 0 1 

1101 3 7 0 0 1 0 3 7 0 0 

1102 3 7 0 0 0 0 0 0 0 1 

1103 3 7 0 0 0 0 0 0 0 1 

1104 3 7 0 0 1 0 3 7 0 1 

1201 3 7 0 0 1 0 3 7 0 2 

1202 3 7 0 0 0 0 0 0 0 0 

1203 3 7 0 0 0 0 0 0 0 1 

1204 3 7 0 0 1 0 3 7 0 0 

1301 0 0 1 0 1 0 0 0 1 0 

1302 0 0 1 0 0 0 0 0 0 1 

1303 0 0 1 0 0 0 0 0 0 2 

1304 0 0 1 0 1 0 0 0 1 0 

1401 0 2 1 0 1 0 0 2 1 0 

1402 0 2 1 0 0 0 0 0 0 1 

1403 0 2 1 0 0 0 0 0 0 2 

1404 0 2 1 0 1 0 0 2 1 0 

1501 4 5 1 0 1 0 4 5 1 0 
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1502 4 5 1 0 0 0 0 0 0 2 

1503 4 5 1 0 0 0 0 0 0 3 

1504 4 5 1 0 1 0 4 5 1 1 

1601 1 1 0 0 1 0 1 1 0 0 

1602 1 1 0 0 0 0 0 0 0 0 

1603 1 1 0 0 0 0 0 0 0 0 

1604 1 1 0 0 1 0 1 1 0 0 

1701 1 2 0 1 1 1 1 2 0 6 

1702 1 2 0 1 0 0 0 0 0 1 

1703 1 2 0 1 0 0 0 0 0 0 

1704 1 2 0 1 1 1 1 2 0 6 

1801 8 10 0 0 1 0 8 10 0 2 

1802 8 10 0 0 0 0 0 0 0 1 

1803 8 10 0 0 0 0 0 0 0 0 

1804 8 10 0 0 1 0 8 10 0 3 

1901 0 0 1 0 1 0 0 0 1 0 

1902 0 0 1 0 0 0 0 0 0 2 

1903 0 0 1 0 0 0 0 0 0 3 

1904 0 0 1 0 1 0 0 0 1 0 

2001 0 0 1 0 1 0 0 0 1 0 

2002 0 0 1 0 0 0 0 0 0 2 

2003 0 0 1 0 0 0 0 0 0 1 

2004 0 0 1 0 1 0 0 0 1 0 
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Appendix B: Coded Location Full Data 
 
 

Jobs Rec Trans Description Weekday Weekend Final Score 

8 0 1 Sherman and Main 20.4011 0.7609 20.4011 

8 0 1 Chicago between Main and South 20.4011 0.7609 20.4011 

8 0 1 Main St and Chicago 20.4011 0.7609 20.4011 

8 0 1 Chicago Ave and Dempster 20.4011 0.7609 20.4011 

4 1 1 
Noyes Street between Maple and 

Sherman 19.3905 2.4439 19.3905 

5 0 1 Noyes and Sherman 18.3809 0.7609 18.3809 

5 0 1 Foster and Maple 18.3809 0.7609 18.3809 

4 0 1 Fraiche Bakery 17.7075 0.7609 17.7075 

8 1 0 Ryan Field************** 4.5011 2.4439 4.5011 

8 1 0 Simpson & Dewey 4.5011 2.4439 4.5011 

8 1 0 Starbucks @ Central 4.5011 2.4439 4.5011 

8 1 0 Starbucks @ Sams Club 4.5011 2.4439 4.5011 

8 1 0 Food 4 Less 4.5011 2.4439 4.5011 

7 1 0 Oakton/Hartrey 3.8277 2.4439 3.8277 

8 0 0 CVS 2.8181 0.7609 2.8181 

8 0 0 Foster/Dodge 2.8181 0.7609 2.8181 

8 0 0 Dominicks 2.8181 0.7609 2.8181 

8 0 0 Home Depot/Petsmart 2.8181 0.7609 2.8181 

8 0 0 Howard 2.8181 0.7609 2.8181 

8 0 0 Simpson and Crawford 2.8181 0.7609 2.8181 

8 0 0 Jewel Osco @ Chicago Ave 2.8181 0.7609 2.8181 

8 0 0 1215 Chicago Ave 2.8181 0.7609 2.8181 

8 0 0 Howard/Grey 2.8181 0.7609 2.8181 

8 0 0 Dodge/Dempster 2.8181 0.7609 2.8181 

5 1 0 North side of ETHS 2.4809 2.4439 2.4809 

3 1 0 Emerson and Dodge 1.1341 2.4439 2.4439 

4 1 0 Generic Beach 1.8075 2.4439 2.4439 

4 1 0 Cemetery* 1.8075 2.4439 2.4439 

4 1 0 Golf Rd (TJ Max) 1.8075 2.4439 2.4439 

2 1 0 Ecology Center 0.4607 2.4439 2.4439 

2 1 0 Tot Lot 0.4607 2.4439 2.4439 

4 1 0 2153 Ashland 1.8075 2.4439 2.4439 

0 1 0 Evanston Arts Center -0.8861 2.4439 2.4439 

0 1 0 Dodge/Mulford -0.8861 2.4439 2.4439 

6 0 0 2632 Gross Point Rd 1.4713 0.7609 1.4713 

6 0 0 Main/Fowler 1.4713 0.7609 1.4713 

5 0 0 Central Street and Crawford 0.7979 0.7609 0.7979 

4 0 0 Central & Eastwood 0.1245 0.7609 0.7609 

4 0 0 Simpson & Greenbay 0.1245 0.7609 0.7609 

1 0 0 Custer Ave and Seward St -1.8957 0.7609 0.7609 

2 0 0 3001 Central -1.2223 0.7609 0.7609 

1 0 0 Unity Church/Nursery School -1.8957 0.7609 0.7609 

2 0 0 Ridge/St. Francis -1.2223 0.7609 0.7609 
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2 0 0 Chicago/Hamilton -1.2223 0.7609 0.7609 

3 0 0 Central/Ridge -0.5489 0.7609 0.7609 

3 0 0 Dempster/Ridge -0.5489 0.7609 0.7609 
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Appendix C: Survey Results 
 

Timestamp 

How many 
times per 
week do 
you bike to 
a location 
in 
Evanston? 

Do you feel 
comfortable 
locking your 
bicycle to 
bike racks in 
Evanston? 

Would 
you be 
willing to 
pay for a 
secure 
bike 
rack? 

Please list up to 10 
locations in the city of 
Evanston where you 
would like to see more 
bike racks. (This can be a 
store, address, 
intersection, or area) 

Please list 
locations that 
you do not 
feel secure 
parking your 
bicycle. 

4/18/2012 
21:40 1 No Yes Metra Stations 

Metra 
Stations 

4/19/2012 
1:10 14 Yes No 

Howard & Grey, 
 
Dodge & Mulford 
 
Ridge & St. Francis 
 
Oakton & Hartrey 
 
Dodge & Dempster 
 
Chicago & Hamilton 
 
Central & Ridge 
 
Main & Fowler 
 
Dempster & Ridge 
 
Chicago & Dempster 

Howard & 
Clark 
 
Dodge & 
Lake 
 
Dodge 
Church 
 
Howard & 
Custer 
 
Howard & 
Asbury 
 
Dodge & 
Main 

4/19/2012 
18:16 3 Yes No 

Most areas outside of the 
downtown area have 
enough trees and signs to 
lock a bicycle to. The 
downtown area is where 
bike racks are really 
needed. 

Evanston 
Township 
High School 

4/20/2012 
12:41 1 Yes No 

Bennison Bakery 
 
 
 
Tom Thumb 
 
 
 
Turin Bicycle 

I do not 
know. Will be 
moving to 
Evanston on 
May 1st.  
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4/20/2012 
13:41 3 Yes Yes 

(I live downtown 
Evanston, and mostly 
travel within the 
boundaries you're 
excluding. But here's what 
I can think of in outlying 
Evanston:) 
 
 
 
1215 Chicago Ave, in 
anticipation of Trader 
Joe's opening there. I'll 
use it. 
 
 
 
Central Street & Crawford: 
there's no place to lock a 
bike near Little Island, 
particularly on the little 
triangle it's located on. 
CVS has one across the 
street, but I'm unsure if I 
could use it while at Little 
Island. 
 
 
 
2632 Gross Point Rd: I 
couldn't lock a bike 
anywhere near Sarkis last 
time I tried. No racks or 
parking meters in sight. 
 
 
 
3001 Central: not sure if 
there's already a rack 
near the Mitchell Museum, 
but if there isn't there 
should be. 
 
 
 
If I think of any more, I'll 
come back here. 
 
 
 
 

I don't feel 
secure 
parking my 
bikes pretty 
much 
anywhere for 
more than a 
half hour or 
so. I use a 
heavy U-lock 
plus a chain, 
but I know 
how quickly 
and easily 
those can be 
cut, 
particularly 
using a 
battery 
powered 
angle 
grinder. No 
bike lock can 
withstand a 
grinder more 
than a few 
minutes. 
 
 
 
That being 
said, I would 
never lock a 
bike in front 
of someplace 
a thief knows 
you'll be 
away for 
hours, like a 
movie 
theatre or 
CTA/Metra 
station. 
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4/20/2012 
14:27 7 Yes No 

2025 Sherman Ave 
 
Evanston Arts Center 
 
Unity Church/Nursery 
School 
 
Fraiche Bakery 

I feel safe 
parking my 
bike in all 
areas I ride 
to. 

4/20/2012 
14:55 3 Yes No 

Main Street 1-2 blocks 
east AND west of Chicago 
Ave. 
 
 
 
Noyes Street between 
Maple and Sherman none. 
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4/20/2012 
15:09 3 Yes No 

Sherman & Lake, NW 
corner (Tommy Nevin's 
pub). 

I have yet to 
lock my bike 
anywhere in 
Evanston 
that felt 
unsafe, but 
there are 
places on the 
south and 
west sides 
that I'm sure 
I would be 
leery about. 

4/20/2012 
15:35 7 Yes No 

Main Street and Chicago, 
Cross Rhodes, Blind Faith 
Cafe, Starbucks on 
Central, Starbucks at the 
Sam's Club Mall. 

Howard 
street shops 
(Best Buy, 
Target, 
Jewel)  

4/20/2012 
16:25 12 Yes No 

Main St, Main St El, 
Chicago Ave Jewel store 

Any place 
without a lot 
of pedestrian 
traffic. 

4/20/2012 
21:15 1 Yes No 

ecology center, unless 
they've updated recently. 

can't think of 
any places in 
the 
designated 
polygon 
which I would 
regard as 
insecure 
(and that I 
am familiar 
with). 

4/21/2012 
14:22 5 Yes Yes 

The Tot Lot on Keeney 
and Michigan.  
 
 
 
Cycling often would be 
easier if I had a legal 
place to lock up outside of 
my apartment.  

N/A 
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4/21/2012 
16:34 2 Yes Yes 

Church St garage, Library, 
Benson St. by EAC, 
Central St. by Starbucks 
or North Branch Library, 
Jewel/Target on Howard, 
Potbelly's on Davis, Turin, 
METRA at Church St., 
Main St business district 
(Chicago), Maple St 
garage 

Jewel/Target 
on Howard, 
residential 
area, Main st 
shopping 
district, 
Chicago Ave 
south of 
Dempster, 

4/23/2012 
7:29 3 Yes No Custer and Seward 

Downtown 
and around 
NW 
university 

4/23/2012 
18:19 7 Yes No 2153 Ashland 

Anywhere in 
Evanston. 

4/30/2012 
20:45 1 Yes No 

 - Food-4-Less, in 
shopping center off of 
Main St. near McCormick 
 
 - Jewel; Office Max, at 
Howard near Kedzie (in 
Chicago) 
 
 
 
MAJOR ISSUE is not lack 
of racks but lack of HIGH-
QUALITY racks. 
("schoolyard"-style racks 
suck, because, when 
used as intended, one can 
only lock one wheel, but 
not the frame. Look 
around the NU campus to 
see all of the orphaned 
wheels and frames due to 
poor locking. "Schoolyard" 
racks permit ONLY poor 
locking. Even the racks in 
fornt of the Evanston 
Public Library are not very 
good.) 
 
 
 
QUESTIONNAIRE 
PROBLEM: I bicycle to 
Evanston considerably 
less than once a week, 

Evanston 
Township 
High School 
 
(NU campus 
is fine 
because so 
many other 
bikes there 
are prettier 
and easier to 
steal than 
mine.) 
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but that doesn't have a 
response box in your 
questionnaire. (See my 
friend and former advisor 
NU Prof. Joseph Schofer 
to learn more about 
surveys and 
questionnaires.) Year-
round, it probably 
averages slightly less than 
once a month. (I live in 
West Rogers Park. I shop 
in Evanston, go to the 
EPLibrary, and ride with 
the Bicycle Club. My 
dentist and three of my 
doctors are in Evanston. 
[Getting to know many 
doctors is an unfortunate 
consequence of living to 
59 years old.] I did live in 
Evanston long ago when I 
was an NU student in the 
1980s-90s [BA-Econ, 
MSCE]. Chris Wilson) 

 


